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O ABSTRACT 0O

Precipitation datasets are basic for all studies that related with the design of water
structures and water balance studies. However, losses in these data or gaps in the time
series is an obstacle to conducting these studies in the optimal manner, the aim of this
study is to fill the Daily Precipitation data in Tal-Kalakh station using Artificial Neural
Networks (ANNS), which Daily Precipitation in other meteostations around it as inputs.
The network was trained and verified using a back-propagation algorithm with different
learning methods, number of processing elements in the hidden layer(s), and the number of
hidden layers. Results shown good ability of Artificial Neural Network models to estimate
of the daily precipitation values with different inputs, the correlation coefficient was over
90 % for the validation data set in all models. This study recommends using the artificial
neural networks approach to identify the most effective parameters to predict Precipitation.
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handle to p7 (sees

=get (handles.el, 'string'); %save the value of station 1
=str2doukle (4);

=get (handles.e2, "'string') ;%save the walue of station 2

=strZdouble (E) ;

C=get (handles.e3, "string'")s%save the walus of station 3

C=str2double (C) ;

D=get (handles.ed4, "string");%save the wvalus of station 4

D=str2double (D) ;

E=get (handles.eS, 'string')};%save the wvalus of station 5

E=strZ2double (E) ;

E
%
%
s
s
B
B

) alin) apanai B addiucall sl 3580 G gl £(8) S

File Ede View Tools Mep -

brgrats

Airida J Outzut

The Output Value

Marmarita Estimated
precipitation in
TolKatakh
Shien Calculate i
e dary

Al-Nasrah |

Al-Hosn ‘

gealall gl Agall :(9) Js
tGluagilly clalitiuy)
GSE Alaas 8 sl bl Jhagll ad JLSiul o felhial) uasl) il 58 mbull apell >
g lall 3l Jalye DA 90% @slas dgle Jals)) clalaey Al
SAg dla b &lSE Alase 8 5agiiall gylad) Jlagll clily JLeinly 4 Wlag i) malipll W oy >
A yslaall Gllaaall & (gyhae Jlaa ilily
JuSind 3 Lo lihual) Tnael)l ClSailly Aiad) Glie) sl (e Lims dadail aladinly Auhall s34 s >
csbaall Jlagll 33 gaaall iyl
eeisi sagm e papally Jawl dilaid) 8 Ll cilbasall 2o 324 e Jeall 8y5 ) oasi WS >
e sl 23 slae )y cllaaall G ol A8 (e e g3 )
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