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O ABSTRACT 0O

The speech recognition is one of the most important techniques of modern techniques,
there has been many different systems developed in terms of the methods used in the features
extraction and classification methods, But whatever the algorithm used, or the method of
classification in speech processing technology in real applications can be for many of the facts
that the deformation or damage of speech, making speech does not seem the way you recorded
it.

This study proposes design a system to identify isolated words depending on the audio
features extracted from videos to the words in Arabic Language and then the energy and
Temporal derivative components is added, the optimal number of channels in the filterbank
determined in extracting features of the method Mel Frequency Cepstral Coefficient (MFCC)
stage, it was used hidden Markov models HMM as classification and determine the optimal
number of cases in classifier .

The system was tested on 4155 samples. The results showed that the added features of
the algorithm and experimental tests on the number of channel of filter bank and the number of
cases in classifier, raising the performance of the algorithm and thus identify which reached
92% rate.

And for testing and evaluation purposes in the speech recognition systems have been
introduced artificially noise and monitor its impact on the recognition ratios, so the research
application of this method for the first time on the data base pronunciations in Arabic.

To minimize the effect of the noise signal we have to applied method of estimating - in
our research we have implemented the most way application "For databases in other languages,
a Spectral subtraction - to estimate the noise signal and subtracted from the reference vestiges
S0 as to have access" to reduce the impact of noise.

This estimate gave a low improve when applied to low SNR and good results with only a
high SNR files. But the resulting spectral subtraction musical noise, where it was monitored to
raise the threshold of attenuation to match spoken words in Arabic

Key words: Speech recognition, features extraction, MFCC, Spectral subtraction,
Markov Hidden models, SNR .
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