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O ABSTRACT 0O

Considered the diagnosis of diseases using image processing is one of the most
important areas of image processing techniques used in the medical field, Where is the
digital data in the field of ophthalmology focus of researchers for automatic detection of
some important diseases such as diabetic retinopathy (DR).

And is defined as damage to the retina of the eye comes as serious complications and
on the human body complications resulting from diabetes in the long term and is
considered one of the most important causes of blindness in the world and cause serious
damage to the retina.

The research aims to Assess the performance of some of the methods used in the
diagnosis of diabetic retinopathy by revealing one of the most important accompanying
pests him in the retina of the eye and is the exudates and through diagnosed in images
digital fundus through image processing techniques where this detection process
contributes in helping to early detection.

Keywords: Exudates, FCM clustering, Image processing, Morphological operations, Optic
disk detection, Fundus image, Diabetic Retinopathy (DR), macula

" Acadimic Assistance at Department of computer and automatic control, faculty of mechanical and
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