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O ABSTRACT 0O

This paper presents an algorithm for designing a system that classifies standard
human facial expressions which are fear, disgust, sad , surprise, anger, happiness, and the
normal expression . The facial expression that is presented in the input image of the system
can be classified depending on extracting appearance features then, it is entered into
neural network to complete the classification process using Matlab as a programming
language.

Multiple stages completed the work« which are, (collection images, pre-processing of
the images, feature extraction, training neural network, classification and testing). Our
system has been able to achieve the highest rating when the expression of anger reached
100 %, while the lowest rating was at the expression of sad by 30%.

Key words: facial expression recognition, neural network, Gaussian filter, self-
Organizing Map (SOM) , edge detection .
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Anger  Disgust Fear  Happiness Sadness Surprise  Natural
Anger 100% 0% 0% 0% 0% 0% 0%
Disgust 30% 70% 0% 0% 0% 0% 0%
Fear 30% 10% 60% 0% 0% 0% 0%
Happiness 20% 10% 10% 60% 0% 0% 0%
Sadness 20% 10% 20% 0% 50% 0% 0%
Surprise 0% 10% 10% 0% 0% 80% 0%
Natural 10% 10% 0% 0% 0% 0% 80%

542



Tishreen University Journal. Eng. Sciences Series 2015 (3) 2asll (37) alaall diuvigh aglall @ 0350 daals dlas

tGluagilly clalitiuy)
ralaliiiuy)
o sthadd) aally Zmpeadll i allys Ja asinall (o paldd Dulaill s gt Lgua 1
g S Adlsall (e Biala by 2ol e Gall Byl lae . add JS
Gl oda i iy Lo Llad Jlaal 138 8 A geral) Glalls latldl e Jsanll dypus 2
coals ) e sl ) e g3 s adlse (e
Dy aadly Alall ¢ Apulal) Aelall Cile s sall Apaall dpadall gabpall e Jpeanl) dygnm 3
cCanal) & i gay Adlaiall dpanadil) aalyall ) 20N A58,
Gila gil)
ol 48y e pabiall oda 3y i Ay el Bysa (e (pa] Cliay jualie (adlanat |
L) sacl salyy o daad) (ol Lggle 3080 (s 5y Al el e 2ae 53l 2
Nebias sulaill Hpa (e GEnall Aguaal) AN o AT g5 pladiat 3

F YN

[1] C. C. Chibelushi , F. Bourel , Facial Expression Recognition: A Brief Tutorial
Overview, School of Computing, University, 2002

[2] S. Moore, R. Bowden , Local binary patterns for multi-view facial expression
recognition , / Computer Vision and Image Understanding 115 (2011) 541-558,2011

[3] K. Mehotra, , C. K. Mohan and S. Ranka, , Self-Organizing Maps (SOMs) ,
Prentice Hall. pp. 169-187

[4] Ewa Piatkowska , Facial Expression Recognition System , DePaul University

College of Computing and Digital Media , July, 2010 .

y}awﬂbd\)més;ﬁﬂe&.a;m ¢ Alas Am.dcgcme.})n.d 42\.;5'.\.1‘)»?@9 4-;)?[5]
¢ VI Sl g el dvia ¢ (00 dnala ¢ 5ypeall Aallae b Aiall bl Hasiuly geadl gl
.2013
[6] http:\\www .kasrl.org/jaffe_info.html , 2013, 1:28 AM

543



