Tishreen University Journal for Research and Scientific Studies - Engineering Sciences Series Vol. (46) No. (6) 2024

A Deep Learning Model To Recognize Human Movement By

Using Auto Coders
Dr. Jafar Mohsen Alkheir”
Sami Haytham Abobala**

(Received 5/10/2024. Accepted 23/12/2024)

O Abstract O

In the recent years, there has been great interest in identifying human movement using
deep learning and skeletal data for its effective performance compared to models that
depend on images or depth data. In this research, we presented a model that solves the
problem of the size and inconsistency of data that used on deep learning model and enables
these results to works in environments poor with hardware. In this paper, we proposed to
use a model consisting of two stages: the first stage of the feature extraction process using
autoencoder, and we made use of reducing the size of the features extracted from the
training groups in order to reduce the size and complexity of the classification model
represented by the second stage. The proposed model provided good results in comparison
with the size and complexity of the classification model.
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