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O ABSTRACT O

Today, the medical world is living with an enormous amount of DATA information, which
has arisen from the womb of laboratory tests and clinical observations. As clinicians began to
shift in clinical practice from accidental analysis and reliance on the accuracy of their
observation to the analysis of various data and structured algorithms, relying on continuously
updated sets of data, therefore doctors who learn Artificial Intelligence will have ability to
improve detecting disease.

The machine learning algorithm was able to obtain a final result in the classification of
medical images by convolutional neural networks. In this research, magnetic resonance
images of human brain were collected to search for human tumors. we applied appropriate
stages to process this image as a first step, and then used deep convolutional neural networks
to extract best features from these processed images and classify them. we designed two
different models by structure. Then, we trained two models and studied operands of each
model loss, accuracy, f-score by Python language, and got accuracy 90% for first model and
69% for second model.

Keywords: brain tumors, magnetic resonance imaging, convolutional neural networks,
inception v3 networks, deep learning.
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First Model First Model Second Model
(Split) (Sequence)
Loss (Training) 0.1 0.14 0.74
Loss (Validation) 0.43 1.12 0.72
Loss (Testing) 0.2 _ 0.8
Accuracy(training) 97% 94% 50%
Accuracy (Validatior 87% 69% 45%
Accuracy (Testing) 90% _ 69%
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